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Empirical Evaluation of Fault-Proneness Model based on SVM

01 Oo0oooboodoooooboboooboooooa

goo (ood 0o oo ooo
Source lines of coded SLOCO 411.61 | 330.00 | 416.08 | 54K87.00 90.00
ogooooono 168.84 | 154.00 | 124.94 | 1256.00 37.00
sLoCcOoooooooon 0.57 0.56 0.08 0.84 0.41
OooooooO SLOC 213.90 | 168.00 | 142.55 | 936.00 4.00
O0ooono SLOC 27.55 0.00 | 279.93 | 4132.00 0.00
ooooon 20.44 15.00 | 16.21 | 152.00 4.00
ooddoooooga 23.41 16.00 | 34.36 | 432.00 2.00
SsLocO0ooouoooooooon 2.87 2.25 2.10 15.88 1.25
ooooog 2.21 2.00 2.95 37.00 0.00
ooooooooo 5.38 5.00 1.32 12.00 4.00
goooooooo 3.62 3.58 0.38 5.12 2.55
gooooooooo 3.85 1.00 11.26 137.00 0.00
gooooooooa 45.42 25.00 65.91 764.00 4.00
ooooooooon 71.85 | 48.00 | 110.93 | 1532.00 4.00
goodooooon 54.60 | 36.00 | 94.32 | 1392.00 4.00
ooooooon 8.77 8.00 7.13 66.00 0.00
ooooooon 3.13 1.00 6.85 78.00 0.00
ooooo0OO0o0o0o0oooooon 28.00 18.00 40.25 528.00 0.00
oooooooooooooon 40.52 26.00 55.42 660.00 1.00
ogooood 4.28 4.00 2.38 24.00 0.00
ooooooon 4.09 1.00 6.80 33.00 0.00

02 000000000000O000O000O

goo (ood aad goao goao
Source lines of coded SLOCO 707.14 | 505.00 | 602.93 | 4232.00 | 164.00
ooogoooog 261.14 | 194.00 | 193.40 | 1307.00 75.00
sLocoOoonoooooon 0.61 0.62 0.08 0.84 0.42
OooOoooo SLOC 411.46 | 300.00 | 389.57 | 3185.00 13.00
OooOoDoo SLOC 32.19 0.00 | 204.23 | 2106.00 0.00
oooooo 54.22 28.00 | 84.58 | 967.00 3.00
gooooooooo 42.71 29.00 41.28 279.00 7.00
sLoCcOoboooooonoobooa 3.75 2.87 3.20 22.50 1.33
ooooon 3.89 2.00 4.57 28.00 0.00
goodoooon 6.29 6.00 1.48 10.00 4.00
ooodoooon 3.78 3.68 0.48 5.31 2.74
ooooooooog 4.37 2.00 6.60 46.00 0.00
oooooooooo 94.83 50.00 | 121.14 697.00 4.00
oooooooooo 152.44 98.00 | 182.60 | 1662.00 12.00
gooooooooo 120.49 79.00 | 143.37 | 1241.00 5.00
gooooooo 16.11 12.00 14.79 108.00 0.00
gooooooo 5.53 2.00 8.92 46.00 0.00
gododoooooobooooon 61.20 45.00 65.75 507.00 1.00
oodoonobooooooooa 75.54 | 50.00 | 76.84 | 559.00 2.00
ooooon 6.08 5.00 3.83 23.00 1.00
oooooooo 4.91 1.00 7.52 25.00 0.00
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